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 This paper has two purposes: first, to map aggregate concentration, that is to 

estimate economic concentration among the largest companies, in the econo-

mies of Southeast Europe, and second, to assess how is the level of aggregate 

concentration related to market size, international trade and integration to the 

European Union. Based on company data from ten countries two types of 

concentration indices are computed – concentration ratio and Gini coefficient. 

The results suggest that aggregate concentration among the examined coun-

tries varies considerably. Although correlated, both measures of concentration 

seem to measure different aspects of economic concentration. Both measures 

decline with domestic market size, measured by country’s population. Foreign 

market size, measured as exports, seems to be positively associated with the 

concentration ratio, but not with the disparity among large companies. In 

addition, EU integration does not seem to have a significant effect on aggre-

gate concentration at least for the sample at hand. 

 

© 2018 University of Economics – Varna 

Citation: TODOROV, А. (2018). Aggregate Concentration, Market Size and EU Integration: Evidence 

from Southeast Europe. Izvestiya Journal of Varna University of Economics. 62 (3-4). p. 185 - 199. 

 

Introduction 

The rise of economic power has gained importance in the former post-communist 

economies in the processes of economic and social transformation, globalization and 

the expansion of multinational companies. Large companies accumulate considerable 

resources, which in many cases provide them with the ability to exercise economic 

power exceeding the boundaries of a market. Therefore, the concentration of economic 

power has been of continuing interest to economists for decades, although research in 

this area has focused mostly on the proper ways to measure the phenomenon. 
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Economic concentration may be important for at least three reasons. First, con-

centration among large diversified companies in an economy increases the likelihood 

of exercising market power in and across individual markets (Gal & Cheng, 2016). 

This is particularly true for small economies as well as economies where weak regula-

tory institutions fail to respond adequately to market challenges (Mitton, 2007). 

Second, higher concentration might be associated with higher levels of economic 

volatility and exacerbated systemic risk (Shaffer 2007). Additionally, Gabaix (2011) 

argues that aggregate shocks are initiated as shocks to individual firms. If the econo-

my is “granular”, that is, if it is characterized by highly disproportioned firm size 

distribution, then shocks to the few relatively large firms trigger aggregate business 

fluctuations. Furthermore, Di Giovanni & Levchenko (2012) show that smaller, more 

open economies tend to be more granular than large ones. 

Third, high concentration may lead to political distortions. If economic power is 

translated into political power, then the latter could be used to favor the interests of 

individuals or companies in highly concentrated sectors (see e.g. Acemoglu & Robin-

son, 2001). For instance, it could be used to gain governmental protection from poten-

tial competition (Ayal, 2013). The effect is emphasized when markets are smaller and 

where it is easier for the business elite to establish additional formal or non-formal 

networks of influence between large companies. As Bischoff & Buchwald (2018) 

show, such linkages may be a mechanism to facilitate collusion, which further en-

hances economic power. 

In line with the above, the present paper focuses on the following three issues. 

First, an attempt is made to estimate the extent of aggregate concentration in ten 

Southeast European (SEE) economies. Second, given the estimates of aggregate con-

centration in SEE, and as proposed by previous research, a relation between aggregate 

concentration and the size of the economy in SEE is tested empirically. Third, the 

empirical test is expanded to include the effects of exports and EU membership on 

aggregate concentration in SEE. 

The answers to these questions allow us to relate to the discussion of economic 

power and the role of market integration. Thus, it is hoped, to expand the already 

existing literature, which focuses mainly on the developed Western economies. The 

rest of the paper is structured as follows. The next Section 2 reviews some of the key 

points in the literature on aggregate concentration and its relation to market size, ex-

ports and market integration. This discussion allows formulation of the main hypothe-

ses. Section 3 outlines the methodology and the data. Section 4 presents the empirical 

findings of the study. Finally, Section 5 concludes. 
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Literature Review 

Economic concentration can generally be measured at two levels depending on 

the question to be studied: (1) for all firms classified as members of some market or 

industry, located within some specific geographical boundary or (2) for the largest 

firms in an economy, again located within some specific geographical boundary. Con-

centration at the industry level is referred to as market, or industry, concentration and 

is often taken as a proxy for market power. On the other hand, aggregate concentra-

tion at economy-wide level reflects the importance of the largest firms only and is 

therefore used as a proxy for economic power. 

An early suggestion in the literature is that there is a link between aggregate 

concentration and market concentration. For example, Clarke & Davis (1983) demon-

strate that, theoretically, aggregate concentration could be decomposed into the prod-

uct of three components: (1) the shares of individual industries; (2) the industry con-

centration; (3) the aggregate diversification. This result suggests that factors influenc-

ing the relative size of major industries, as well as determinants of market concentra-

tion and diversification may also have an impact on aggregate concentration. 

A large body of research suggests that there is a negative relationship between 

domestic market size and concentration (see Gal, 2003 for an overview). This rela-

tionship is easily derived from standard microeconomic theory. In the case of fully 

“contestable” markets, these are markets with free entry and exit, market structure is 

endogenously determined by the natural conditions of production and demand. The 

number of competing firms in a market rises, ceteris paribus, with an increase in de-

mand and decreases, when the minimum efficient scale (MES) is larger. This suggests 

that economies with smaller domestic markets should on average have more concen-

trated industries, ceteris paribus, and thus higher levels of aggregate concentration. 

Empirical research has also shown that smaller economies suffer from high lev-

els of MES relative to demand in many industries (Caves, 1989). On the contrary, in 

larger economies minimum efficient scales tend to be small relative to domestic de-

mand. Thus, in smaller economies the number of firms with minimum efficient scales 

that the market can sustain is much smaller, which results in higher levels of concen-

tration. Moreover, international studies of concentration have confirmed that market 

concentration is lower in larger economies (Mitton, 2008). As a result, aggregate con-

centration is expected to be higher in smaller economies. 

Regarding the relationship between foreign market size, that is export, and con-

centration the literature suggests two alternative hypotheses: the national champion 

hypothesis and the domestic rivalry hypothesis (Bramati et al., 2015). According to 
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the national champion hypothesis, large firms are more likely to export because it 

enables them to exploit economies of scale and scope. Hence, the national champion-

ship hypothesis suggests a positive relationship between concentration and export 

levels.  

The domestic rivalry hypothesis, on the other hand, argues that with more in-

tense competition, i.e. lower industry concentration, there is pressure on domestic 

firms to increase their efficiency by increasing export levels. Because foreign demand 

is added to domestic demand, total demand is increased. This expansion could induce 

the creation of new plants and thus increases the number of firms an industry could 

sustain given its domestic and foreign demand. This would effectively result in a de-

crease in domestic industrial concentration. Based on the contradictory conclusions 

from both theoretical and empirical studies, a positive, negative or no relationship 

between exports and aggregate concentration can be expected. 

Since the positive effect of export markets on scales of production has been ex-

plicitly considered into the formation of the European Union (EU), it is expected that 

the reduction of trade barriers in combination with the realization of a better ratio 

between demand and MES would lead to lower levels of industrial concentration, and 

thus to increased rivalry. At the same time further integration, as in the case of the 

introduction of common currency – the euro, is expected to increase price transparen-

cy, which would further intensify competitive pressure. 

Recent research by Asaftei & Parmeter (2010) on market power and EU integra-

tion in the case of Romania finds that initially EU integration appears to increase 

competitive pressure, but as the effect of tariff reduction fades away, higher markups, 

a proxy of market power, become visible again. At the same time, Schulze (2016) 

provides empirical evidence that the introduction of the euro results in a reduction in 

the level of market concentration within the individual member states. This suggests 

that a common currency does matter for competition with countries in the euro cur-

rency union being more competitive than outsiders. The development of the single 

market has not had a large impact on competition. These contradictory results suggest 

that there seem to be a relationship between EU integration and concentration, the 

direction of this relationship, however, is an empirical question. 

Methodology and Data 

When estimating aggregate concentration, there are two methodological issues 

to consider first. These include researcher’s choice of (1) firm size measure, and (2) 

concentration measure. In the case of market concentration, economic theory suggests 

sales revenue as the proper size measure. When assessing aggregate concentration, 
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White (2002) considers value-added figures to be the most suitable candidate for the 

measurement of frim size. Value-added figures are, however, difficult to obtain, espe-

cially in an international context. Moreover, Gabaix (2011) argues that firm’s sales are 

to be preferred over value-added because sales capture the additional social value 

from productivity shocks. 

To estimate the levels of aggregate concentration in SEE countries this study 

employs company data from SEE TOP 100 – an annual ranking of the largest compa-

nies in Southeast Europe (SeeNews, 2017). Companies are ranked by total revenue 

for the previous fiscal year. Thus, the data for this study is limited to sales figures 

only. The ranking covers non-financial companies in ten countries: Albania, Bosnia 

and Herzegovina, Bulgaria, Croatia, Macedonia, Moldova, Montenegro, Romania, 

Serbia and Slovenia. The data is compiled from various sources (incl. national com-

mercial registers, stock exchanges, as well as company reports) and covers a period of 

10 years – from 2007 to 2016. 

There is also a plethora of concentration indices to choose from. The various 

measures of economic concentration that have been used in past studies may be di-

vided in two types: first, those which depend on the share of total economic activity 

controlled by a certain number of the largest firms in the economy, such as concentra-

tion ratio; and secondly, those which depend on the size distribution of firms, such as 

the Gini coefficient. The former measure provides information regarding what is 

known as absolute concentration, while the latter measure provides information re-

garding relative concentration. 

Hart & Prais (1956) argue that absolute concentration ratios have the advantage 

over percentage concentration ratio, e.g. Gini coefficient, because the former provides 

information that is more suitable for assessing the likelihood of collusive or monopo-

listic behavior. In the case of a broader issue, however, such as the analysis of concen-

tration within the whole economy, a summary measure of concentration based on the 

size distribution of firms, such as the Gini coefficient, might be preferable. In Hart & 

Prais’ interpretation, the Gini coefficient is a measure of average dominance in the 

group of firms under consideration. Moreover, disparity among the largest companies 

could be seen as proxy for the “granularity” of the economy in the sense of Gabaix 

(2011). 

Nevertheless, much of the discussion regarding aggregate concentration is based 

on the calculation of concentration ratios. As Feinberg (1981) argues this seems as a 

logical extension of the tradition in the industry concentration literature. Concentra-

tion ratios have their appeal as they are relatively easy to calculate, but also their in-

terpretation is straightforward. Furthermore, both measures carry different types of 
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information – while disparity measures are related to the concepts of inequality and 

granularity, concentration ratios are more closely related to the political and social 

consequences of large companies. It is the relative position of these companies, as 

White (1981) notes, that allows them to make political claims. 

For the above reasons this study provides estimates for both types of concentra-

tion indices. Aggregate levels of absolute concentration are approximated using a 

ratio between revenues of the top 5 companies in each economy and its respective 

GDP in a given year. This is a rough approximation, because GDP figures do not cor-

respond directly to revenue figures – a more precise measure would relate company 

revenue to economy wide revenues. Relative concentration is estimated by the Gini 

coefficient for the top 5 companies in each country. 

Table 1 provides an overview of all variables used in the study. Dependent vari-

ables include, as discussed, concentration ratio by the top 5 firms (CR5), as well as 

Gini coefficient of the revenue for the top 5 firms (GINI5). Independent variables 

include measures of market size, which is operationalized as domestic market size 

and foreign market size. Domestic market size is approximated by country’s popula-

tion (POP), while foreign market size is approximated as exports in percentage of 

GDP (EXP). The data for both variables stem from the World Bank’s World Devel-

opment Indicators (WDI) database. Additionally, integration to the EU is measured as 

a dummy variable (EU), which equals 1, if the economy is a member of the EU, and 0 

otherwise. 

To account for other factors that might be related to aggregate concentration, two 

country characteristics are considered as control variables. First, a proxy for the inten-

sity of labor use (LBI) is incorporated in the model. This seems reasonable because, 

as White (1981) argues, large firms tend to be more capital intensive. Labor intensity 

is proxied as employment in agriculture as share of total employment, for which data 

come from the WDI database. Thus, a negative relationship between labor intensity 

and concentration is expected. 

Many studies on market concentration report a relationship between concentra-

tion and industry growth (see Curry & George, 1983 for an overview). It is believed, 

for instance, that entry barriers are lower for fast growing industries than for slow 

growing ones. Therefore, it seems reasonable to assume that concentration at econo-

my level may also be related to growth. Because faster growing economies may at-

tract more new companies or motivate the creation of new ones, a negative relation-

ship between real GDP growth and aggregate concentration is expected. Thus, in the 

regression analysis growth is proxied by real GDP growth for which data is provided 

by the World Bank’s WDI database. 
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Table 1 

Summary of Dependent, Independent and Control Variables 

Variables Code Measurement 

Dependent Variables 

Absolute Concentration CR5 
Revenue to GDP ratio for the top 5 companies in 

%. 

Relative Concentration GINI5 Gini coefficient for the top 5 companies. 

Independent Variables 

Domestic Market Size POP Population of the economy in millions. 

Foreign Market Size EXP Exports of goods and services (% of GDP). 

EU Integration EU 
Dummy variable which is equal to 1, if the econo-

my is a member of the EU, and 0 otherwise. 

Control Variables 

Labor Intensity LBI 
Employment in agriculture (% of total employ-

ment). 

Growth GROWTH GDP growth (annual %). 

 

For the purposes of investigating the relationship between market size and ag-

gregate concentration and testing the validity of the stated hypotheses, two panel data 

models are estimated. Model 1 uses CR5 as dependent variable, while the dependent 

variable in Model 2 is GINI5. The standard procedure to panel estimation is to use 

fixed effects estimator. By applying this procedure, however, the time-invariant varia-

tion between countries, i.e. the long-run variation, is wiped out (Kennedy, 2008). 

In the case of the study at hand one is more interested in a long-run relationship. 

To question, for instance, how much would aggregate concentration rise, if population 

increases by 1 percentage, seems to provide little economic insight. Moreover, the EU 

dummy variable does not change over time, while most of the other explanatory vari-

ables, population and employment in agriculture most notably, change little over time 

or at least very slowly. So here more consideration should be given to cross-sectional 

variation. 

Two alternative approaches to the fixed effect estimator are the pooled OLS es-

timator and the random effects estimator. While the pooled OLS estimator does not 

take the panel structure of the data into account, the random estimator gives a more 

comprehensive model since it uses a weighted average of the between-country and 

the within-country (over time) estimations. For instance, Bell & Jones (2015) consid-

er the fixed effects model as a constrained form of the random effects model. Moreo-
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ver, they show that in situations, when the variation between countries is of essence, 

the fixed effects model may provide misleading results. For these reasons, the report-

ed results are narrowed to these from the random effects estimation. Additionally, 

time effects are included in each of the models to capture the influence of aggregate 

time trends. Estimation procedures are performed in R (R Core Team, 2017). 

Results 

Descriptive statistics for the data are reported in Table 2. Panel A in the table 

contains mean, median, standard deviation, minimum, maximum, as well as measures 

of skewness and kurtosis for the numerical values. Panel B provides frequencies and 

percentages for the dummy variable, EU membership. 

Table 2 

Descriptive Statistics 

Panel A: Dependent, Independent and Control Variables 

Variable Obs. Mean Median Std. dev. Min. Max. Skew. Kurt. 

CR5 98 18.76 18.98 5.65 7.46 29.31 -0.04 -0.97 

GINI5 98 21.09 20.68 7.08 4.75 48.95 0.90 1.96 

POP 98 5.48 3.86 5.41 0.62 21.13 1.94 2.77 

EXP 98 43.14 41.27 13.00 25.01 77.65 0.95 0.30 

LBI 98 18.92 18.00 10.82 4.60 46.50 0.72 -0.18 

GROWTH 98 1.98 2.40 3.52 -7.80 10.70 -0.41 0.57 

Panel B: Dummy Variable 

EU Membership Frequency Valid Percentage 

Sensitive (1) 40 40.8 

Non-Sensitive (0) 58 59.2 

Total 98 100 

Notes: The Gini coefficient is calculated using R’s package “ineq” for the Gini coeffi-

cient (Zeileis, 2014) and is standardized to range from 0 to a maximum of 100. 

 

The mean values of the dependent variables, CR5 and GINI5, for the whole 

sample are 18.76 and 21.09 respectively. The CR5 variable ranges from 7.46 to 29.31, 

while the GINI5 variable ranges from 4.75 to 48.95. These figures suggest that there 

is some variation of aggregate concentration in the sample at hand. Noteworthy, the 

measures of skewness and kurtosis for these variables differ significantly supporting 
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the notion in the methodology that they measure different aspects of aggregate con-

centration. This issue is further explored in Table 3, which provides the mean values 

for both variables on a country level. 

Table 3 

Mean Aggregate Concentration by Country 

Rank Country CR5 Rank Country GINI5 

1 Macedonia 25.93 1 Montenegro 28.44 

2 Montenegro 22.96 2 Croatia 26.71 

3 Bulgaria 22.44 3 Moldova 24.06 

4 Slovenia 21.73 4 Bulgaria 22.46 

5 Serbia 20.18 5 Slovenia 20.59 

6 Croatia 18.21 6 Macedonia 20.53 

7 Moldova 17.49 7 Serbia 20.34 

8 Bosnia 14.43 8 Albania 18.75 

9 Albania 13.34 9 Romania 16.96 

10 Romania 9.80 10 Bosnia 11.64 

Notes: Mean values over the period from 2007 to 2016. For Albania the period covered 

is from 2009 to 2016. Detailed country data is available on request from the author. 

 

For instance, in Table 3 Croatia has a rank of 6 when aggregate concentration is 

measured by CR5 but ranks 2 when measured by the GINI5. Large discrepancies are 

also present in the cases of Macedonia, Moldova and Serbia. That these two measures 

are quite different is also obvious from the correlation matrix for the data presented in 

Table 4. Although significant at the 5% level the Pearson correlation coefficient be-

tween CR5 and GINI5 has a rather moderate value of 0.34. This further confirms that 

both measures describe different aspects for the same phenomenon. 

Regarding the independent variables, Table 3 shows that population of the SEE 

economies considered here ranges from 0.62 to 21.13 million people with a mean value 

of 5.48 million people. Exports, as percentage of GDP, range from 25.01% to 77.65% 

with a mean value of 43.14% for the whole sample. At the same time about 41% per-

cent of the observations stem from countries, which are members of the EU, while the 

remaining 59% are from countries outside the EU, as shown in Panel B of Table 3. 

Control variables include labor intensity, measured as employment in agriculture 

in percentage of labor force, and growth of real GDP. Labor intensity, that is employ-
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ment in agriculture, ranges from 4.60% to 46.50% with a mean of 18.92%. Growth 

ranges from -7.80% to 10.70% with a mean of 1.98. 

The results of the Pearson correlation analysis in Table 4 indicate that both CR5 

and GINI5 are negatively correlated with population, with correlation coefficients of -

0.53 and -0.22 respectively – both significant at the 5% level. Both measures are posi-

tively correlated with exports with the correlation between CR5 and EXP being more 

pronounced. EU membership is negatively, not significantly, correlated with CR5, and 

positively, again not significantly correlated with GINI5. For the control variables, 

labor intensity is found to be negatively (strongly and significantly) correlated with 

both measures of aggregate concentration. 

Table 4 

Pearson Correlation Matrix 

Variables CR5 GINI5 POP EXP EU LBI GROWTH 

CR5 1       

GINI5 0.34* 1      

POP -0.53* -0.22* 1     

EXP 0.46* 0.19 -0.20* 1    

EU -0.11 0.07 0.46* 0.52* 1   

LBI -0.54* -0.28* 0.16 -0.31* -0.13 1  

GROWTH 0.01 0.13 0.01 0.01 -0.16 0.10 1 

* Correlation is significant at the 0.05 level (2-tailed). 

 

Considering the strong statistical association between exports and EU member-

ship, two basic regressions are performed for each measure of aggregate concentra-

tion, that is for each of the two models – Model 1 and Model 2. As discussed in the 

methodological section the estimation is narrowed to a random effects model with 

time effects. The regression results are presented in Table 5. 
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Table 5 

Regression Results from Random Effects Model with Time Effects 

Dependent 

Variables 
CR5 GINI5 

Independent 

Variables 
Model 1a Model 1b Model 2a Model 2b 

POP 
-0.43*** 

(0.07) 

-0.51*** 

(0.08) 

-0.22* 

(0.13) 

-0.37*** 

(0.14) 

EXP 
0.11*** 

(0.04) 
- 

0.04 

(0.09) 
- 

EU - 
0.79 

(1.66) 
- 

2.90 

(2.43) 

LBI 
-0.21*** 

(0.03) 

-0.24*** 

(0.03) 

-0.16*** 

(0.07) 

-0.15** 

(0.06) 

GROWTH 
0.09 

(0.13) 

0.11 

(0.15) 

0.31 

(0.19) 

0.38* 

(0.19) 

Obs. 98 98 98 98 

R
2
 0.55 0.51 0.14 0.16 

Adj. R
2
 0.53 0.49 0.10 0.13 

F-statistic 28.16 24.52 3.77 4.56 

p-value of F-statistic 0.00 0.00 0.01 0.00 

Notes: The quantities in parentheses below the estimates are heteroskedasticity robust 

standard errors. Coefficients statistically significant at the 1%, 5%, and 10% level are denot-

ed, respectively, by ***, **, and *. Author’s calculations using R’s “plm” package (Croissant 

& Millo, 2008 and Millo, 2017). 

 

Models 1 and 2 are estimated in two variations. Models 1a and 2a use exports as 

one of the explanatory variables. Models 1b and 2b use the EU dummy as one of the 

explanatory variables instead. According to Table 5, the F-statistic for the CR5 mod-

els is 28.16 (p = 0.00) for Model 1a and 24.52 (p = 0.00) for Model 1b respectively. 

The F-statistic for the GINI5 models is 3.77 (p = 0.01) for Model 2a and 4.56 

(p = 0.00) for Model 2b respectively. Thus, both models, Model 1 and 2, appear to be 

statistically significant with Model 1 performing a bit better. This is also evident from 

the adjusted R-squared values – about 0.50 for Models 1a an 1b, and about 0.10 for 

Models 2a and 2b. 

The results also indicate that, as hypothesized, there is a negative and statistical-

ly significant relation between aggregate concentration and domestic market size 

(p = 0.00 for Models 1a and 1b, p = 0.08 for Model 2a, and p = 0.00 for Model 2b). 
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The implication is that economies with larger domestic markets tend to be populated 

with a greater number of large companies of similar sizes. In other words, aggregate 

concentration is lower in larger economies. The result holds for both measures. It is 

consistent with results from studies on market concentration and seem to hold to ag-

gregate concentration in SEE as well. 

On the other hand, the coefficient for exports is positive and statistically signifi-

cant only in Model 1a (p = 0.00) and not in Model 2a (p = 0.64). This result suggests 

that for the SEE economies exports seem to influence positively larger companies 

stronger than smaller ones, but at the same time this influence is relatively equally 

distributed among top firms. These results are consistent with the national champion 

hypothesis, as well as with the results on granularity (as shown in Di Giovanni & 

Levchenko, 2012). At the same time, EU membership, although highly correlated 

with export, has a positive coefficient in both models, but it is not statistically signifi-

cant (p = 0.63 for Model 1a and p = 0.24 for Model 2b). These latter results suggest 

that EU membership has no effect on aggregate concentration, but they may also be 

due to the small sample size. 

For the control variables, the results from the regression analysis indicate that 

there is a negative relationship between labor intensity, measured as employment in 

agriculture, and aggregate concentration. Notably, this relationship is highly signifi-

cant in both models for the SEE economies. This is consistent with the notion that 

economies with less capital-intensive industries have on average lower aggregate 

concentration ratios since capital-intensive firms are more likely to be larger. Real 

economic growth does not seem to play much of a role for aggregate concentration, as 

it is slightly significant only in Model 2b. 

Conclusion 

The problem of economic concentration has been studied profoundly in the devel-

oped economies. This has been done by identifying the amount of economic activity 

controlled by the largest firms. In the case of Eastern Europe, however, there are very 

few attempts to assess aggregate concentration. Most of the concentration studies are 

either conducted at the industry level (see, e.g., Marginean & Toma, 2011) or are fo-

cused on a single economy (see, e.g., Todorov, 2017). The study at hand has made such 

an attempt by estimating the levels of aggregate concentration in ten countries in South-

east Europe. Furthermore, the study provides empirical evidence on regularities con-

cerning the relationship between concentration, market size and international trade. 

Levels of aggregate concentration have been approached from two sides. First, 

on a basis of a concentration ratio between sales revenue and GDP in each of the 10 
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countries under consideration the study finds that there is some variation between 

these economies. For instance, in Macedonia sales revenue of the top 5 largest com-

panies account on average for about one fourth (about 26%) of country’s current 

GDP. At the same time the corresponding figure for Serbia is one fifth (about 20%), 

and for Romania – one tenth (about 10%). These differences could be attributed to 

differences in domestic market size, measured by country’s population, to differences 

in foreign market size, measured by country’s export as percentage of GDP, as well as 

to differences in the labor intensity of the economy, measured by the employment in 

agriculture as percentage of total employment. 

Another way to look at aggregate concentration is to estimate a measure of ine-

quality between the largest companies. The Gini coefficient provides such a measure. 

Although correlated with the concentration ratio, this measure seems to reflect a dif-

ferent aspect of economic power. For instance, the distribution of revenue among top 

5 companies in SEE economies is relatively highly skewed in Montenegro, with Gini 

of about 28, moderately skewed in Slovenia, with Gini of about 21, and relatively low 

skewed in Bosnia, with a Gini of 12. These differences are mostly due to differences 

in domestic market size and labor intensity. Exports seem to play a less prominent 

role here. 

Although estimates of aggregate concentration provided by this study are rela-

tively rough, they shed new light on concentration issues in Southeast Europe. The 

empirical results imply, for instance, that smaller economies in the SEE region should 

be more cautious regarding mergers involving large and diversified companies, since 

these are expected to increase aggregate concentration and thus economic power in 

the region. Policies aiming at expanding domestic markets should be oriented towards 

smaller enterprises, since export seems to have a positive effect on aggregate concen-

tration. This should be accompanied with efforts for tighter integration into the com-

mon EU market – an issue which involves not only the introduction of the common 

currency, but also strengthening domestic institutions. 
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